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Abstract

Smart healthcare systems are increasingly using artificial intelligence techniques to improve clinical
decision support, medical diagnosis, patient monitoring, healthcare analytics, personalized care, and
operational management. The integration of machine learning, deep learning, natural language
processing, computer vision, predictive analytics, and intelligent decision-support technologies enables
healthcare organizations to process complex and rapidly generated information. This study examines the
role of artificial intelligence techniques in smart healthcare systems through a conceptual and literature-
based research approach. The study focuses on Al applications in medical imaging, clinical prediction,
patient monitoring, electronic health records, personalized healthcare, remote healthcare, and healthcare
resource management. The analysis indicates that Al can support healthcare professionals by identifying
patterns within large datasets, assisting diagnostic interpretation, predicting potential clinical risks, and
improving information management. Machine learning can support classification and prediction tasks,
while deep learning and computer vision can assist with medical-image analysis. Natural language
processing can facilitate the extraction of useful information from clinical documentation, whereas
predictive analytics can support proactive patient management.

Smart monitoring systems can also integrate information from wearable devices and connected
healthcare technologies. Despite these opportunities, the implementation of Al-based smart healthcare
systems involves challenges related to data quality, algorithmic bias, privacy, cybersecurity,
explainability, interoperability, clinical validation, infrastructure, and professional acceptance. The study
emphasizes that Al should function as a supportive technology within healthcare rather than an
unrestricted replacement for professional judgment. Effective smart healthcare requires technological
integration with clinical expertise, secure information governance, patient-centered design, and
continuous performance evaluation. Future research should investigate explainable Al, multimodal
healthcare intelligence, federated learning, privacy-preserving analytics, intelligent remote monitoring,
and human-Al collaboration. The study concludes that appropriately designed Al-enabled smart
healthcare systems can strengthen healthcare delivery by improving analytical capabilities, supporting
timely decisions, enhancing patient monitoring, and contributing to more coordinated and personalized
healthcare services.

Keywords: Smart Healthcare, Artificial Intelligence, Machine Learning, Deep Learning, Clinical
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1. Introduction

Healthcare systems are undergoing substantial technological transformation as digital information,
connected medical devices, electronic health records, and intelligent analytical technologies become
increasingly integrated into clinical practice. The growing complexity of healthcare information has
created a need for systems capable of processing large volumes of structured and unstructured data.
Smart healthcare systems provide an integrated technological environment in which digital information
can be collected, processed, analyzed, and transformed into useful insights. Artificial intelligence has
become an important component of these systems because of its ability to recognize patterns, generate
predictions, and support complex information-processing tasks.

Artificial intelligence encompasses a range of computational techniques, including machine
learning, deep learning, natural language processing, computer vision, and predictive analytics.
Machine-learning algorithms can identify relationships within healthcare datasets and support
classification and prediction tasks. Deep-learning models can analyze complex information, particularly
medical images and high-dimensional clinical data. Natural language processing can extract relevant
information from clinical notes and other textual records, while computer vision can support image-
based healthcare applications. These technologies provide different capabilities that can be integrated
into smart healthcare environments.

Al-enabled healthcare applications extend across diagnostic, monitoring, treatment-support, and
administrative activities. Medical-image analysis can provide additional support for identifying patterns
in radiological and pathological information. Predictive models can assist in assessing clinical risks,
while intelligent monitoring systems can analyze patient information generated by wearable and
connected devices. Al can also support healthcare resource management by identifying demand patterns
and assisting with operational forecasting. These applications demonstrate that smart healthcare involves
more than automated diagnosis and includes a broad ecosystem of intelligent information-management
and decision-support functions.

The increasing use of Al in healthcare also creates important concerns regarding data reliability,
privacy, cybersecurity, algorithmic fairness, interpretability, and clinical safety. Healthcare datasets may
contain missing, inconsistent, or biased information, which can affect model performance. Complex Al
models may also be difficult for healthcare professionals to interpret. Furthermore, models developed in
one healthcare environment may not perform equally well in another because of differences in patient
populations, equipment, clinical practices, and data characteristics. These challenges require rigorous
validation and responsible governance.

Smart healthcare systems should therefore be developed around collaboration between artificial
intelligence and healthcare professionals. Al can provide computational analysis and decision-support
information, but clinical expertise remains essential for interpreting patient-specific circumstances and
making appropriate decisions. This study examines the application of artificial intelligence techniques in
smart healthcare systems, evaluates their potential contributions, identifies major implementation
challenges, and discusses future research directions for reliable, secure, explainable, and patient-centered
intelligent healthcare environments.
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2. Objectives of the Study

2.1 Primary Objective

The primary objective of this study is to examine the application of artificial intelligence techniques in
smart healthcare systems and analyze how machine learning, deep learning, natural language processing,
computer vision, predictive analytics, and intelligent decision-support technologies can contribute to
diagnosis, patient monitoring, clinical decision-making, personalized healthcare, and healthcare-
management activities.

The study also aims to identify the technological and organizational conditions required for
effective Al implementation in healthcare environments. Particular attention is given to data quality,
privacy, cybersecurity, interoperability, explainability, clinical validation, infrastructure, professional
involvement, patient acceptance, and human oversight as important factors influencing the reliability and
sustainability of smart Al-enabled healthcare systems.

2.2 Examination of Al Techniques in Smart Healthcare

The first objective is to examine major artificial intelligence techniques used within smart healthcare
systems, including machine learning, deep learning, natural language processing, computer vision,
predictive analytics, anomaly detection, and intelligent recommendation models. The study considers the
specific functions that these techniques can perform within clinical and healthcare-management
environments.

The objective also examines the relationship between Al techniques and different healthcare data
sources. Electronic health records, medical images, laboratory information, wearable-device data,
clinical notes, and monitoring information can provide inputs for intelligent analysis. Integrating these
sources can support more comprehensive healthcare information processing, provided that data quality,
privacy, interoperability, and security requirements are appropriately addressed.

2.3 Assessment of Smart Healthcare Applications

The second objective is to assess Al applications in medical diagnosis, clinical decision support, patient
monitoring, predictive healthcare, personalized care, remote healthcare, clinical documentation, and
healthcare administration. The study examines how intelligent technologies can augment healthcare
professionals and improve the processing of complex information.

The objective further evaluates limitations associated with Al-supported healthcare. Algorithmic
bias, inadequate datasets, limited interpretability, cybersecurity risks, interoperability barriers,
insufficient clinical validation, and inappropriate automation can affect system reliability. Understanding
these limitations is necessary for developing smart healthcare systems that provide useful analytical
support while maintaining professional accountability, patient safety, ethical responsibility, and human-
centered healthcare practices.

3. Review of Literature

3.1 Artificial Intelligence in Healthcare

Artificial intelligence has become an important research area in modern healthcare because of its ability
to process large and complex datasets. Yu, Beam, and Kohane (2018) described Al as a technology with
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significant potential across diagnosis, prediction, and healthcare management. Machine-learning
methods can identify patterns that may be difficult to detect through conventional information-
processing approaches. Al can therefore provide healthcare professionals with additional analytical
capabilities when models are appropriately developed and validated.

Rajkomar, Dean, and Kohane (2019) examined machine learning in medicine and discussed
applications involving diagnosis, prognosis, and clinical decision support. Al systems can process
structured and unstructured patient information and generate predictions or classifications for
professional consideration. However, successful clinical application requires careful attention to dataset
quality, external validation, workflow integration, and interpretation.

3.2 Intelligent Diagnosis and Medical Imaging

Medical imaging represents one of the most prominent areas of healthcare Al research. Esteva et al.
(2017) demonstrated the capability of deep neural networks to classify skin-cancer images, illustrating
the potential of Al for image-based diagnostic support. Deep-learning techniques have subsequently
been investigated in radiology, pathology, ophthalmology, dermatology, and other imaging-intensive
medical fields.

Litjens et al. (2017) reviewed deep learning in medical-image analysis and identified applications
involving detection, segmentation, classification, and image reconstruction. Al-assisted image analysis
can potentially improve the speed and consistency of image interpretation while providing additional
information for clinicians. However, differences in imaging equipment, data quality, clinical
populations, and healthcare settings can affect model performance.

3.3 Predictive Analytics and Intelligent Monitoring

Predictive analytics provides smart healthcare systems with the capability to identify patterns associated
with potential clinical outcomes. Obermeyer and Emanuel (2016) discussed the role of machine learning
and big data in predicting healthcare outcomes. Predictive models can support risk assessment, patient
stratification, resource planning, and proactive healthcare management.

Intelligent monitoring can further extend Al capabilities by processing information from
wearable devices, connected sensors, and remote healthcare technologies. Steinhubl, Muse, and Topol
(2015) highlighted the growing importance of mobile and connected health technologies. Al can
potentially analyze continuously generated information to identify changes that may require attention.
Nevertheless, monitoring systems require reliable data transmission, appropriate thresholds, clinical
interpretation, privacy protection, and clearly defined responsibilities for responding to system-generated
alerts.

4. Research Methodology

4.1 Research Design

This study adopts a conceptual and literature-based research design to examine smart healthcare systems
using artificial intelligence techniques. The research focuses on machine learning, deep learning, natural
language processing, computer vision, predictive analytics, intelligent monitoring, and clinical decision-
support technologies.
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The study is descriptive and analytical rather than experimental. Existing academic literature is
examined to identify major Al techniques, healthcare applications, technological contributions,
implementation requirements, and limitations. This approach provides a structured understanding of Al-
enabled smart healthcare without presenting fabricated clinical observations, patient-level
measurements, or unsupported experimental outcomes. The research therefore emphasizes conceptual
relationships between Al technologies and healthcare-system functions.

4.2 Literature Collection and Organization

The literature was organized around major areas of Al-enabled healthcare, including intelligent
diagnosis, medical imaging, clinical decision support, predictive analytics, patient monitoring,
personalized healthcare, remote healthcare, and healthcare administration. Academic studies addressing
artificial intelligence and healthcare technologies were considered for conceptual interpretation.

The literature was grouped according to technological function and healthcare application.
Machine learning and predictive analytics were considered primarily in relation to classification and
forecasting, while deep learning and computer vision were examined in relation to image analysis.
Natural language processing was considered for clinical-text processing, and intelligent monitoring was
associated with connected healthcare information. This thematic organization enabled systematic
comparison of Al applications.

4.3 Analytical Framework

The analytical framework evaluates smart healthcare through six interconnected dimensions: healthcare
data generation, data management, Al processing, intelligent analysis, professional decision support, and
patient-centered outcomes. Healthcare data may originate from electronic records, medical images,
laboratories, wearable devices, and clinical documentation.

Data management includes integration, standardization, security, and privacy protection. Al
processing involves machine learning, deep learning, natural language processing, and other
computational techniques. Intelligent analysis transforms data into predictions or classifications, while
decision support presents information for professional interpretation. Patient-centered outcomes include
improved monitoring, coordinated care, personalized support, and efficient healthcare services.

4.4 Data Analysis Approach

The selected literature was analyzed thematically to identify recurring patterns associated with Al-
enabled smart healthcare. The analysis considered Al technologies, healthcare applications, potential
benefits, system requirements, and implementation challenges. The identified themes were organized
into technology, clinical, operational, patient, and governance categories.

Comparative interpretation was then used to examine how different Al techniques support
healthcare activities. Particular attention was given to the interaction between computational intelligence
and professional clinical judgment. This approach provides a conceptual assessment of smart healthcare
systems while recognizing the importance of privacy, validation, explainability, interoperability, and
human oversight.
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5. Analysis

5.1 Artificial Intelligence Techniques and Healthcare Functions

Artificial intelligence techniques provide different computational capabilities for smart healthcare
systems. Machine learning is useful for classification and prediction, while deep learning can identify
complex patterns within large datasets. Computer vision supports image-related analysis, whereas
natural language processing can interpret clinical text.

Predictive analytics can support risk forecasting, and anomaly detection can assist with
identifying unusual patterns in monitoring data. The integration of these techniques allows smart
healthcare systems to address multiple clinical and operational requirements. Table 1 presents major Al
techniques and their healthcare functions.

Table 1: Artificial Intelligence Techniques Used in Smart Healthcare

Al Technique

Main Capability

Healthcare Function

Machine Learning

Prediction and classification

Clinical risk assessment

Deep Learning

Complex pattern recognition

Medical-image analysis

Computer Vision

Visual information processing

Diagnostic imaging support

Natural Language
Processing

Text interpretation

Clinical documentation

Predictive Analytics

Forecasting

Patient-risk prediction

Anomaly Detection

Unusual-pattern identification

Patient monitoring

Recommendation Models

Personalized prediction

Treatment-support information

Speech Processing

\oice recognition

Clinical documentation

Generative Al

Information generation

Healthcare information support

Intelligent Decision Support

Data integration

Clinical decision assistance

Interpretation: Table 1 demonstrates that smart healthcare systems can employ multiple Al techniques
according to specific healthcare requirements. Machine learning and predictive analytics can support
risk assessment and forecasting, while deep learning and computer vision are particularly relevant to
medical-image interpretation. Natural language processing can assist in extracting information from
clinical documentation, and anomaly detection can identify unusual patterns in monitoring information.

Recommendation models can support personalized healthcare processes. Generative Al provides
additional information-processing capabilities, while intelligent decision-support systems can integrate
multiple sources of information. The overall contribution depends on data quality, validation, security,
and professional interpretation.
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5.2 Smart Healthcare Applications

Smart healthcare systems can apply Al across diagnostic, monitoring, decision-support, personalized-
care, and administrative functions. The practical value of an Al application depends on the type and
quality of available information, the clinical context, model reliability, and the manner in which outputs
are incorporated into healthcare workflows. Table 2 summarizes major Al-enabled healthcare
applications and their potential contributions.

Table 2: Al Applications and Potential Contributions to Smart Healthcare
Al-Based Function

Healthcare Application Potential Contribution

Image classification Diagnostic support

Medical Imaging

Clinical Decision Support Patient-data analysis Decision assistance

Patient Monitoring Anomaly detection Continuous observation

Proactive management

Risk Prediction Predictive modeling

Personalized Healthcare

Patient-specific analytics

Individualized support

Clinical Documentation

Natural language processing

Information extraction

Remote Healthcare

Intelligent monitoring

Digital care support

Drug Discovery

Computational analysis

Research support

Hospital Management

Forecasting

Resource planning

Population Health

Large-scale analytics

Health planning

Interpretation: Table 2 indicates that Al can support a broad range of smart healthcare applications.
Medical imaging can provide additional diagnostic information, while clinical decision-support systems
can organize patient data for professional consideration. Al-based monitoring can assist with continuous
observation, and predictive models can support proactive risk management. Personalized healthcare can
use patient-specific information to provide individualized analytical support.

Natural language processing can improve clinical information extraction, while remote
healthcare can use intelligent monitoring. Al can also support drug discovery, hospital resource
planning, and population-health analysis. These applications demonstrate the broad functional scope of
intelligent healthcare technologies.

6. Discussion

Artificial intelligence techniques can strengthen smart healthcare systems by providing computational
capabilities for processing complex healthcare information. Machine learning and predictive analytics
can support risk assessment, while deep learning and computer vision can assist with medical-image
analysis. Natural language processing can improve the processing of clinical documentation, and
anomaly detection can support intelligent patient monitoring. These applications can reduce some
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information-processing burdens and provide healthcare professionals with additional analytical
perspectives during clinical and operational activities.

The integration of Al into smart healthcare also enables healthcare systems to move toward more
proactive and data-supported patient management. Predictive models can identify patterns associated
with potential risks, while connected monitoring systems can provide information outside traditional
clinical environments. Personalized healthcare systems can analyze patient-specific information to
support individualized management. However, Al-generated outputs must be considered within the
broader clinical context. Professional expertise remains necessary for evaluating patient circumstances,
interpreting analytical information, and making appropriate healthcare decisions.

The successful implementation of smart Al-enabled healthcare requires more than advanced
algorithms. Reliable data, secure infrastructure, interoperability, explainability, clinical validation, and
user acceptance are essential for practical implementation. Al systems must also address potential bias
and ensure that performance remains appropriate across relevant patient populations and healthcare
environments. Strong governance is necessary to establish accountability and protect patient
information. Consequently, the future of smart healthcare depends on combining technological
intelligence with clinical expertise, ethical responsibility, secure data management, and patient-centered
system design.

7. Challenges

7.1 Data Quality and Algorithmic Bias

Al-based healthcare systems depend on accurate, complete, and representative data. Missing values,
inconsistent records, measurement errors, differences in documentation practices, and limited datasets
can reduce the reliability of Al models. Healthcare information may also originate from different
institutions and technologies, creating additional consistency problems.

Algorithmic bias is another important challenge. If training data do not adequately represent
relevant patient populations, models may produce different levels of performance across groups. Such
differences can affect the reliability and fairness of Al-supported healthcare. Dataset assessment,
representative data collection, external validation, fairness testing, and continuous monitoring are
therefore necessary to identify and address potential performance disparities.

7.2 Privacy and Cybersecurity

Smart healthcare systems process highly sensitive information, including medical histories, diagnostic
images, laboratory results, medication records, and data generated through connected devices. Greater
connectivity can increase exposure to unauthorized access, cyberattacks, data leakage, and inappropriate
information use.

Privacy and cybersecurity should therefore be incorporated throughout the development and
deployment of Al systems. Encryption, authentication, access controls, secure storage, network
monitoring, audit mechanisms, and data-governance policies can help protect sensitive information.
Organizations should establish clear rules concerning data collection, processing, sharing, retention, and
access. Continuous security evaluation is also important because both healthcare technologies and
cybersecurity threats evolve over time.
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7.3 Explainability and Professional Trust

Many advanced Al models, particularly deep-learning systems, can be difficult to interpret. Limited
explainability may create challenges for healthcare professionals who need to understand the reasoning
behind predictions, classifications, or recommendations. Lack of transparency can also reduce
confidence in Al-supported clinical processes.

Explainable Al approaches can provide information about the factors contributing to model
outputs. However, explanations should be understandable and clinically meaningful rather than merely
technical. Professional trust also requires evidence of model performance, appropriate validation, user
training, and clearly defined responsibilities. Al should remain a supportive analytical technology in
which healthcare professionals retain responsibility for interpreting information and making appropriate
decisions.

7.4 Interoperability and Clinical Validation
Smart healthcare environments commonly include electronic records, laboratory systems, imaging
platforms, monitoring devices, mobile applications, and administrative systems. If these systems cannot
communicate effectively, Al models may not receive complete or appropriately formatted information.
Interoperability limitations can therefore reduce the practical value of intelligent healthcare systems.
Clinical validation presents another challenge because Al performance may change across
healthcare settings. Models developed using one dataset or institution may not perform similarly in
another environment because of differences in patient populations, equipment, clinical practices, and
data characteristics. External wvalidation, continuous monitoring, standardized data structures,
interoperable systems, and appropriate clinical evaluation are therefore essential for sustainable Al
implementation.

8. Future Research
Future research should investigate explainable and trustworthy Al models capable of providing clinically
meaningful information while maintaining reliable performance. Multimodal systems that combine
medical images, electronic records, laboratory results, wearable information, and clinical text should
also receive greater attention. Such approaches may support more comprehensive analysis of complex
patient information.

Further research should explore privacy-preserving Al techniques, including federated learning
and secure distributed analytics, to facilitate collaborative healthcare intelligence while protecting
sensitive information. Research should also examine human-Al collaboration and identify appropriate
responsibilities for healthcare professionals when interpreting intelligent predictions, alerts,
classifications, and recommendations in different clinical contexts.

Future empirical studies should develop standardized evaluation frameworks covering accuracy,
reliability, fairness, explainability, cybersecurity, privacy, interoperability, usability, clinical usefulness,
and long-term performance. Comparative research across hospitals, patient populations, and healthcare
environments could help evaluate model generalizability. Research should also examine the
organizational and patient-level effects of Al adoption on workflow, trust, healthcare accessibility, and
patient-centered outcomes.
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9. Conclusion

Smart healthcare systems using artificial intelligence techniques represent an important development in
modern healthcare technology. Machine learning, deep learning, natural language processing, computer
vision, predictive analytics, and anomaly detection can provide different computational capabilities for
processing complex healthcare information. These technologies can support diagnosis, prediction,
monitoring, clinical decision-making, personalized healthcare, and healthcare-management activities.

The analysis demonstrates that Al can contribute across multiple healthcare functions. Medical-
image analysis can provide diagnostic support, predictive models can assist with risk assessment, and
intelligent monitoring can support continuous patient observation. Natural language processing can
improve clinical information extraction, while Al-supported decision systems can organize information
for professional interpretation. These capabilities can improve healthcare information processing when
appropriately integrated into clinical workflows.

However, significant challenges must be addressed before Al-enabled smart healthcare systems
can achieve sustainable and responsible adoption. Data quality, algorithmic bias, privacy, cybersecurity,
explainability, interoperability, clinical validation, and professional trust can influence system reliability.
Healthcare organizations must therefore develop appropriate governance mechanisms and continuously
evaluate Al performance across relevant populations and clinical environments.

Overall, Al can strengthen smart healthcare when it is implemented as a supportive technology
rather than an unrestricted replacement for healthcare professionals. Future healthcare systems should
combine intelligent computational capabilities with clinical expertise, secure information infrastructure,
transparent governance, and patient-centered design. Such integration can contribute to more responsive,
coordinated, personalized, and efficient healthcare services while maintaining appropriate standards of
safety, accountability, privacy, and professional responsibility.

References

1. Eysenbach, G. (2001). What is e-health? Journal of Medical Internet Research, 3(2), e20.
https://doi.org/10.2196/jmir.3.2.e20

2. Oh, H., Rizo, C., Enkin, M., & Jadad, A. (2005). What is eHealth (3): A systematic review of
published  definitions. Journal of  Medical Internet  Research, 7(1), el.
https://doi.org/10.2196/jmir.7.1.el

3. Yin, Y., Zeng, Y., Chen, X., & Fan, Y. (2016). The Internet of Things in healthcare: An overview.
Journal of Industrial Information Integration, 1, 3—13. https://doi.org/10.1016/.jii.2016.03.004

4. Jiang, F., Jiang, Y., Zhi, H., Dong, Y., Li, H., Ma, S., Wang, Y., Dong, Q., Shen, H., & Wang, Y.
(2017). Artificial intelligence in healthcare: Past, present and future. Stroke and Vascular Neurology,
2(4), 230-243. https://doi.org/10.1136/svn-2017-000101

5. Litjens, G., Kooi, T., Bejnordi, B. E., Setio, A. A. A., Ciompi, F., Ghafoorian, M., van der Laak, J.
A. W. M., van Ginneken, B., & Sanchez, C. I. (2017). A survey on deep learning in medical image
analysis. Medical Image Analysis, 42, 60-88. https://doi.org/10.1016/j.media.2017.07.005

6. Shen, D., Wu, G., & Suk, H.-I. (2017). Deep learning in medical image analysis. Annual Review of
Biomedical Engineering, 19, 221-248. https://doi.org/10.1146/annurev-bioeng-071516-044442

AIJARD Volume 5, Issue 2, March-April 2023 55



http://www.aijard.com/
https://doi.org/10.2196/jmir.3.2.e20
https://doi.org/10.1136/svn-2017-000101?utm_source=chatgpt.com
https://doi.org/10.1016/j.media.2017.07.005?utm_source=chatgpt.com
https://doi.org/10.1146/annurev-bioeng-071516-044442

/ American International Journal of Advanced
/0\ Research and Development (AIJARD)
A/
AIJARD E-ISSN: XXXX-XXXX e Website: www.aijard.com e Email: editor@aijard.com
7. Mittelstadt, B. (2017). Ethics of the health-related Internet of Things: A narrative review. Ethics and

10.

11.

12.

13.

14.

15.

16.

17.

18.

19.

20.

Information Technology, 19, 157-175. https://doi.org/10.1007/s10676-017-9426-4

Yu, K.-H., Beam, A. L., & Kohane, I. S. (2018). Artificial intelligence in healthcare. Nature
Biomedical Engineering, 2, 719-731. https://doi.org/10.1038/s41551-018-0305-z

Rajkomar, A., Oren, E., Chen, K., Dai, A. M., Hajaj, N., Hardt, M., Liu, P. J., Liu, X., Marcus, J.,
Sun, M., Sundberg, P., Yee, H., Zhang, K., Zhang, Y., Flores, G., Duggan, G. E., Irvine, J., Le, Q.,
Litsch, K., ... Dean, J. (2018). Scalable and accurate deep learning with electronic health records.
npj Digital Medicine, 1, Article 18. https://doi.org/10.1038/s41746-018-0029-1

Wiens, J., & Shenoy, E. S. (2018). Machine learning for healthcare: On the verge of a major shift in
healthcare epidemiology. Clinical Infectious Diseases, 66(1), 149-153.
https://doi.org/10.1093/cid/cix731

Esteva, A., Robicquet, A., Ramsundar, B., Kuleshov, V., DePristo, M., Chou, K., Cui, C., Corrado,
G., Thrun, S., & Dean, J. (2019). A guide to deep learning in healthcare. Nature Medicine, 25, 24—
29. https://doi.org/10.1038/s41591-018-0316-z

Topol, E. J. (2019). High-performance medicine: The convergence of human and artificial
intelligence. Nature Medicine, 25, 44-56. https://doi.org/10.1038/s41591-018-0300-7

Ben-Israel, D., Jacobs, W. B., Casha, S., Lang, S., Ryu, W. H. A., de Lotbhiniere-Bassett, M., &
Cadotte, D. W. (2020). The impact of machine learning on patient care: A systematic review.
Artificial Intelligence in Medicine, 103, 101785. https://doi.org/10.1016/j.artmed.2019.101785
Greco, L., Percannella, G., Ritrovato, P., Tortorella, F., & Vento, M. (2020). Trends in 10T based
solutions for health care: Moving Al to the edge. Pattern Recognition Letters, 135, 346-353.
https://doi.org/10.1016/j.patrec.2020.05.016

Ahad, A., Tahir, M., Sheikh, M. A., Ahmed, K. I., Mughees, A., & Numani, A. (2020). Technologies
trend towards 5G network for smart health-care using loT: A review. Sensors, 20(14), 4047.
https://doi.org/10.3390/520144047

Secinaro, S., Calandra, D., Secinaro, A., Muthurangu, V., & Biancone, P. (2021). The role of
artificial intelligence in healthcare: A structured literature review. BMC Medical Informatics and
Decision Making, 21, Article 125. https://doi.org/10.1186/s12911-021-01488-9

Li, W., Chai, Y., Khan, F., Jan, S. R. U,, Verma, S., Menon, V. G., Kavita, & Li, X. (2021). A
comprehensive survey on machine learning-based big data analytics for loT-enabled smart
healthcare system. Mobile Networks and Applications, 26, 234-252. https://doi.org/10.1007/s11036-
020-01700-6

Dwivedi, R., Mehrotra, D., & Chandra, S. (2022). Potential of Internet of Medical Things (IoMT)
applications in building a smart healthcare system: A systematic review. Journal of Oral Biology
and Craniofacial Research, 12(2), 302—-318. https://doi.org/10.1016/j.jobcr.2021.11.010

Motwani, A., Shukla, P. K., & Pawar, M. (2022). Ubiquitous and smart healthcare monitoring
frameworks based on machine learning: A comprehensive review. Artificial Intelligence in
Medicine, 134, 102431. https://doi.org/10.1016/j.artmed.2022.102431

Raoof, S., et al. (2022). A comprehensive review on smart health care: Applications, paradigms, and
challenges with case studies. Contrast Media & Molecular Imaging, 2022, 4822235.
https://doi.org/10.1155/2022/4822235

AIJARD Volume 5, Issue 2, March-April 2023 56



http://www.aijard.com/
https://doi.org/10.1007/s10676-017-9426-4
https://doi.org/10.1038/s41551-018-0305-z?utm_source=chatgpt.com
https://doi.org/10.1038/s41746-018-0029-1?utm_source=chatgpt.com
https://doi.org/10.1093/cid/cix731
https://doi.org/10.1038/s41591-018-0316-z
https://doi.org/10.1038/s41591-018-0300-7?utm_source=chatgpt.com
https://doi.org/10.3390/s20144047?utm_source=chatgpt.com
https://doi.org/10.1186/s12911-021-01488-9
https://doi.org/10.1155/2022/4822235

